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Underd eterm ined B lind Source Separation B ased

on Locally Sparse R epresentations

H e Chun- lanl, W an Zhe
(1 Faculty of App lied M athen atics Guangdong Un wersity of Technobgy Guangzhou 510006 Ch ing

2 Faculty of hHhmaton Engineering, JangX iUn versity of Science and Technobgy G anzhou 341000)

Abstract It proposes a new algoritm of locally sparse blind source separation for estin atng the m xed matrix A.

Thism ethod doesn’ t require all the sanp ks of the sources are sirictly sparse Firstly all the veciors n the san e lne

were searched for and classified And then hem ixedmatrixA detem ined The smuhton illustrates the effective-

ness of this algorithm.
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